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1. User Needs ldentification for Translation Systems

Understanding user needs and requirements is a crucial step for designing interactive
computer systems. User-centred design can increase productivity, enhance work quality,
reduce support costs, and increase general user satisfaction. This concerns translation
systems as well. The invasion of technology in the field of translation forces professionals
to use sometimes highly complex computer programs and resources in order to keep up
with the industry requirements. Even though there exist a large variety of such computer
programs on the market, previous surveys on translation technologies (Lagoudaki, 2006;
Blacafort et al., 2011; TradOnline, 2010; Torres Dominguez, 2012) show that not all of
the existing technologies were successfully adopted by professionals. One of the
possible reasons for this is that the programs were developed without taking into
account translators’ real needs.

User requirement analysis is not a simple process. Some of the most common obstacles
are the following:

e When there is a new type of system to be developed, it is a logical step to ask the
target users about how they would like the system to be. However, no system of
this type exists yet, so the users cannot base their opinions on experience, and
therefore it is difficult for them to decide which characteristics they want the
system to have.

e Users and designers often think within traditional boundaries and leave no place
for innovation.

e |t is not clear how exactly these requirements must be represented so that the
system designers can incorporate them in the development process.

e Finally, it is also necessary to decide on the best way to identify these
requirements, which depend on the user profile as well as on specific aspects of
the system to be developed.

One of the common methods for user requirements identification is user surveys. It
consists in administering a set of written questions to a sample population of users
(Maguire & Bevan, 2002: 137). One of the biggest advantages of this method is that it
allows to reach a large population of users with minimal costs. Furthermore, surveys are
normally composed of both closed and open types of questions, allowing to obtain both
guantitative and qualitative data in large quantities.

Focus groups are another way of gathering information on user needs. They bring
together a group of stakeholders in a format of discussion group. During these
discussions, each participant’s actions can stimulate ideas in other group members and
as the discussion goes on, the collective view becomes established which is broader and
more objective than the individual parts (Langford & McDonagh, 2003).


https://www.google.es/search?tbo=p&tbm=bks&q=inauthor:%22Joe+Langford%22
https://www.google.es/search?tbo=p&tbm=bks&q=inauthor:%22Deana+McDonagh%22

One more method of identifying user requirements is interviewing, where users are
guestioned in a semi-structured way, i.e. the interview contains some fixed questions
but also allows the interviewees to expand their answers in a free manner (Courage &
Baxter, 2005: pp. 246-312). Interviews allow to collect very rich, detailed data thus
providing a holistic view of the picture. However, they are not suitable for gathering
information from a large sample of users.

Scenarios of use provide detailed information how the users will carry out their tasks and
interact with the future system in a real working setting. They are built specifically for
understanding the users’ working practices and possible related requirements and for
providing examples for future use and probably information on task completion time
(Maguire & Bevan, 2002: 137).

Finally, evaluating existing or competitor systems can provide information on whether
the existing systems meet user requirements and to which extent, and help identify
existing usability problems that should be avoided in future systems. On the other hand,
it can also indicate the features that are considered useful in existing systems and that
should be included in the future systems as well.

Other techniques for obtaining feedback from users, such as brainstorming and card
sorting, are described more in details by Courage and Baxter (2005), and Maguire and
Bevan (2002). All of these methods are suitable for different purposes and development
stages, as some of them (for instance, interviews) are good methods for developing a
general picture of initial set of requirements, while others (like card sorting) are more
useful for validating an existing system prototype.

In translation technologies, some specific techniques are used to gather users’ feedback
by registering interaction between users and translation systems. These techniques are
mostly used for improvement of already existing systems. Thus, the most popular source
of user attitude towards output of machine translation (MT) systems is the post-editing
process. Its outcome can be extremely useful for MT systems developers as they provide
the real-world user feedback. This feedback is particularly valuable because it appears as
an outcome of natural work process, i.e. the data generation is done without any
additional arrangements and expenses and without disturbing the translator’s natural
workflow. Even if the translators do not evaluate the translation quality explicitly, the
evaluation can be inferred, for instance, by the amount of editing performed or by the
amount of accepted or rejected sentences. Post-editing can be used to extract different
types of human feedback of different types and levels of granularity:

- binary quality score (good/bad);
- fine-grained quality score (the percentage of changed words);
- correct translations of incorrectly translated words or phrases;

- time spent on correction of different segments.


https://www.google.es/search?tbo=p&tbm=bks&q=inauthor:%22Catherine+Courage%22
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All this information can be fed back to MT systems in order to improve them. The online
re-training of MT systems is an especially promising direction, as it allows improving a
system continuously while a translator is working and dynamically adapt to the domain
of a current document. In addition, the analysis of post-editions can help identify
potentially wrong segments in automatic translations.

It is also worth mentioning that post-editing of automatic translations is not the only
way of user interaction with MT systems. The interactive machine translation (IMT)
(Ortiz-Martinez et al.,, 2010) architecture has been designed particularly to suit the
human-in-the-loop scenario, although the case studies show that some users find the
work with IMT systems ineffective (Alabau et al., 2012). Another type of scenario allows
a user to compose a sentence from translation options generated by an MT system
(Koehn & Haddow, 2009). These technologies have not been implemented in the most
popular CAT systems yet. However, they need to be examined in order to understand if
any of them can be accepted by the translation community as alternative ways to gather
user feedback for identifying user requirements for these tools.

2. Purpose of the Survey and Research Questions

In our research we opted for the survey method to gather information on user needs for
various reasons. First of all, our task consisted in covering a broad range of different
types of computer programs and resources, including, first of all, machine translation
and translation memory systems, but also corpora building tools terminology
management systems and others. The survey format allowed us to obtain information
about various aspects of all these tools without being limited to one specific type of
systems. Furthermore, we aimed to reach different user groups as each of groups has a
different profile and therefore different requirements. For instance, translators who
work in-house in a translation company supposedly have a workflow and working habits
which are different from those of freelance translators. Finally, as has been mentioned
before, the survey method allowed us to obtain and analyse both quantitative and
qualitative data, which can contribute to answering previously formulated research
guestions as well as give new ideas about what professional translators actually need.

In this report we provide preliminary results of the online survey for professional
translators. Its main goal was to identify

1) current working practices of professional translators, i.e. which tools and
resources they use and how they do it;

2) degree of satisfaction with these technologies concerning the quality of
output, learning curve, offered functionalities, productivity and income increase;

3) levels of awareness of different types of technologies available;



4) possible reasons for low usage rate for different tools and missed
opportunities for reaching potential users;

5) overall attitude towards current technology-related industry trends;

6) ways that can lead to creating future systems and to expanding and improving
existing tools.

The results discussed here correspond to the first, descriptive analysis of the data and
intend to shed light on the participants’ profile, respondent groups regarding their
employment type and experience, familiarity and usage rates of various types of
technologies, and attitudes towards their features and functionalities they offer.

3. Translation Technologies and Current User Needs

From a translator’s point of view, translation tools are computer software that aims to
facilitate the work of translators, make the project delivery faster and easier, save
translators’ time by solving easier tasks in an automatised way and allow them to
concentrate on more challenging and creative parts of the translation process, and
finally, to increase their income (Bowker and Corpas Pastor, 2014/In press). In practice,
the amount of tools available also makes translator’s life difficult, as they have to decide
which tools are useful for them and how to integrate them in their workflow. Thus,
machine translation (MT) services available nowadays not only for translators but also
for common users evoke contradictory attitudes among translators. On one hand they
are cheap and easy to use, and therefore can provide a fast draft translation. On the
other hand, the quality of translation is not satisfactory enough for all domains and
languages even as a draft, so many translators find them useless for their job and prefer
to make translations from scratch. In addition, there is an increasing concern related to
the security of the information translated on the Web, and many translators who do like
working with MT are imposed to sign confidentiality agreements with their clients for
not using any such service.

The main type of technology that prevails on today’s market are translation memory
systems. Since their appearance on the market, these tools are positively accepted by
the majority of translators as they seem to serve the purpose of time and cost saving.
Indeed, now the translator does not have to spend time typing the same segments of
text that were already translated before. However, developers of these tools keep
adding more and more features and functionalities, which are often too complex and
require much time and effort to learn. Therefore, adopting these tools becomes a
challenge for translators, which is we need to investigate which of the features
translators actually use and find helpful. Such technologies as terminology extractors,
tools for compiling corpora, and especially automatic translation systems are already
integrated in some translation software (for instance, the terminology system SDL



Multiterm® in SDL Trados Studio?, the corpora building system LiveDocs in MemoQ?,
among others), and additionally they are also available as standalone programs that can
be used aside when there is such need. It is of interest to find out how translators prefer
to work with these tools, whether they mostly use integrated or standalone systems,
and what degree of flexibility should developers allow in this relation to satisfy users
with different tastes and preferences.

Another recent industry development is linked to the increasing amounts of translation-
related resources available online, such as termbanks and translation memory
repositories (like MyMemory®), which open a way of developing powerful Web-based
applications (MateCAT"). Many tools today even offer different versions according to
users’ preferences. For instance, Worfast® TM software was developed as an add-on to
Microsoft Word through macros, and now is also offered as a standalone tool or as a
Wed-based application, and the users can make a decision according to their tastes and
budget. Thus, it is interesting to investigate how Web-based systems are perceived by
professionals in the industry and what types of systems they mostly prefer.

4. Questionnaire Design and Implementation

The questionnaire was designed using SurveyMonkey’, an online questionnaire building
tool. It was composed of separate sections, where the first section concerns the user
profile, the second section includes general questions on the use of technologies, and
the rest of the sections are focused on specific types of tools. This structure was chosen
in order to be able to use the ‘skip logic’: if respondents were not familiar with tools of a
particular type or were not using them in their work, most of the questions in the
corresponding section were irrelevant to them, so they could be skipped automatically
and the respondents were directed to the next section of the questionnaire. ‘Skip logic’
makes the survey navigation much easier and allows saving respondents’ time and
increasing the response and completion rates. The questionnaire focuses mostly on
machine translation, translation memories, corpora compilation and terminology
extraction, which are the main topics of research in the EXPERT project, and also covers
some aspects related to quality assurance tools and various web-based lexicographical
resources.

One of the main difficulties one encounters when collecting information on user
requirements is the high subjectivity of obtained data. Often users are not certain about
their own needs or do not know how to explain them in a clear straightforward way. In

! http://www.sdl.com/products/sdl-multiterm/desktop.html
2 http://www.sdl.com/products/sdl-trados-studio/

3 https://www.memog.com/

¢ http://mymemory.translated.net/ 7. Have you received any education or training in translation?
> https://www.matecat.com/ BA in translation
6 http://www.wordfast.net/ MA in translation
’ https://www.surveymonkey.com/ PhD in translation

Specialised courses, seminars, workshops, etc

None

Figure 1. Question with check-boxes.
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addition, questionnaire method of collecting user information is prone to ambiguities
and misunderstanding. In order to prevent this kind of issues, we carried out various
preparation and testing steps prior to launching the survey. The first step consisted in
analysing publicly available information, such as translators’ blogs, forums, social
networks and web sites that could throw light upon the most discussed topics related to
translators’ use of translation technologies and identify potential issues and problems
that needed to be tackled. Based on this information together with various user surveys
previously conducted in this field, the first draft of the questionnaire was developed.
Subsequently, we proceeded to carrying out cognitive interviews with two potential
respondents who worked as freelance translators. Cognitive interview is a common
survey testing technique where the respondents read the questions and have to speak
aloud commenting their reasoning during question answering. This way the interviewer
can detect difficulties that participants might encounter while completing the survey and
make sure that participants do not misinterpret any question and that the procedure of
completing the survey is clear (Willis, 2005). Concurrently, we asked several
representatives of the EXPERT commercial partners to complete the survey and provide
feedback in terms of the questionnaire content, structure, design, and question wording.
This testing stage relies on the knowledge and expertise of the professionals in the
translation domain and its main purpose is to reveal more profound content-related
defects of the questionnaire and possible terminological issues. After the feedback was
collected both from the interviewees and the domain experts, the appropriate changes
were made, and we proceeded to the last testing step, the pilot study, which consisted in
collecting a small sample of responses (in our case 12) and analyse the results to identify
possible defects and redundancies. After that, the final amendments were made. Other
methods for avoiding ambiguity, redundancy and other problems were applied, such as
1) using as less technical jargon and very specific terms as possible; 2) using check-boxes
question types, where respondents are able to select multiple options (Figure 1); 3)
providing “I don’t know” and “other” options for cases when the respondent does not
find the most suitable answer among the ones available; 4) providing comment fields
and open-ended question, where participants could answer questions in a free manner
and use wording of their own choice (Figure 2).

1. What is the reason why you do not use any free online MT systems?
Do not find it useful
Bad quality

Other (please specify)

Figure 2. Question with a comment text box.

The questionnaire link was distributed through translation companies within the EXPERT
project, mailing lists and social media groups for translators, translation blogs and
translation associations. The participants responded actively and many provided
feedback and comments.



5. Participants and their Profile

We received 736 completed responses and 1304 responses in total. This indicates a high
response rate but a low completion rate, which is mainly due to the large size of the
questionnaire. The respondents originated from 88 different countries, about a half of
them being from Italy, Spain, Germany, USA, UK, Brazil, Belgium, Finland and Portugal.

The majority of respondents
Years of professional experience in

. were experienced translators
translation

0% and almost a half of them had
25% more than 11 vyears in the
20% industry (Figure 3). This is a
positive fact for this research
study, as most participants have
good knowledge of industry and

5% technologies available and can

15%

10%

make judgments based on this
<1 1to3 3to5 5to7 7to9 9to1111to20 >20 experience_

0%

Figure 3. Years of professional experience The vast majority of translators

worked freelance. Figure 4 shows the distribution of various occupation types within the
sample. From the 720 respondents to this question, the two largest groups were
freelancers who had an agency but also worked independently apart, and freelancers
who only worked independently. Only 86 translators just worked with an agency. Other
respondents worked as in-house translators in a translation company (21) or in a non-
translation company (23). Finally, 8 translators worked in a government or public
institution and 10 were students. Additional 36 answers were received from translation
teachers, translation company managers and CEOs, and translators working with
multiple agencies. An interesting finding related to these statistics is that even though
the survey was distributed through various translation service providers who sent it out

What is your type of employment?

1%
3% 2% = Student

= Freelancer working both with an agency
and independently

In-house translator in a translation
company

Freelancer working with an agency
= I[ndependent freelancer (working
without an agency)

= In-house translator in a non-translation
company

3%

Figure 4. Type of employment



to their freelance translators, there is still a very large number of fully independent
translators. These numbers point to translators’ tendency to work independently from
agencies. This specific property of the sample is possibly related to the large amount of
professional experience of the respondents, since many experienced freelance
translators tend switch to independent way of working after gaining enough experience
with a company or agency.

Among the domains of specialisation the most popular ones were, as could be expected,
technical, legal, tourism and finance (Figure 5). In this question, respondents were able
to choose more than just one answer and it turned out that, indeed, many of them
preferred to work in more than only one domain, with the average number of domains
chosen by one participant accounting to 5.16. This seems logical, since human beings
tend to prefer work that involves diversity and variation rather than constant repetition,
so not many translators find it satisfying to work within one domain for large periods of

time.
Domains of specialisation Another characteristic of
0% 10% 20% 30% 40% 50% . .
cochn user profile is the
echnical
legal education. Participants
tourism
financial were asked whether they
administration had received any training
economics
games & software localisation —=—— in the fields of translation
social sciences . .
. or information
science
history  m— technologies and
sports — .
chemistry —— computing (Tables 1 and
biology ——= 2). The results show that

mathematics/statistics ]
most translators had at

Figure 5. Domains of specialisation

least some education in
both fields, which can be seen as a good sign for the industry, as it means that most
translators are qualified professionals. Almost a half of the sample had a university
degree in translation, and 44% attended specialised courses or seminars. Surprisingly,
about a quarter of respondents did not have any training in translation at all. Another
significant finding is that 43% of respondents had attended courses and seminars on IT,
which shows that translators have great interest in technologies and are motivated to
learn how to leverage the variety of available tools and incorporate them in their
workflow in a beneficial manner. Moreover, almost all participants were active computer
users and evaluated their IT competence level as advanced (47%) or experienced (42%),

while only 10% considered their level average and 1% poor.

BA in translation 21,4%
MA in translation 25,0%
PhD in translation 2, 7%

Specialised courses, seminars, 44.2%



workshops, etc.
None

Table 1. Training in translation

BScinIT
MSc in IT
PhD in IT

Specialised courses, seminars,
workshops on IT
Specialised courses on CAT tools

None

Table 2. Training in IT and computing

6. Use of tools

24,6%

3.84%
3.56%
0.68%
42.88%

29.45%
38.90%

In this section we discuss how much different kinds of tools are adopted by translators,

how well they have become part of the translation workflow, how regularly they use

them, and why some tools are more popular than others.

o

100 200 300 400 500
™

terminology management
term extractor
concordancer

corpora tool

localisation tool

QA software

PO software

M Never heard of M Have heard of, but do not use
Sometimes use Use regularly

Figure 6. Familiarity with different types of tools

First of all, in order to
obtain a general picture,
participants were asked
about their familiarity with
different types of
translation  technologies,
whether they used them on
a regular basis, sometimes,
were familiar but did not
use them, or had never
heard of them before
(Figure  6). Translation
memory  (TM)  systems
appear to be the only type
of tools that was used

regularly by the majority (417) of respondents to this question, while much less

translators have not incorporated TM in their daily routine, but use it sometimes (113).

However, there is still a considerable number of respondents who have never heard of

such technology (70) and who are familiar with it but still remain reluctant to use it

(100). The situation appears completely different with the other tools included in the

guestion. Most of them were familiar to the respondents, but were not fully adopted.

Only one type of technologies, concordance systems, is completely unknown to the

majority of translators. Tools for compiling or managing corpora are the least common to

use on a regular basis (only 32 participants), even though 242 respondents reported that
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they had heard about them before. In total, this result indicates a low rate of familiarity
with less popular types of technologies, as from the 718 who answered this question,
none of the tools except for TM is familiar even to the half. One of the reasons is possibly
that some of the technologies mentioned in the question are now often integrated in
CAT tools (as, for instance, terminology management and quality assessment). This is
also confirmed by some of the comments to this question, which say that “translation
software includes most of the above”. Other technologies are quite specific and probably
translators do not consider them appropriate for everyday use (such as tools for
compiling and managing corpora). Apart from the listed tools respondents were asked to
indicate any additional types of tools they use, which were aligners, OCR software,
subtitle translation tools and speech recognition tools.

In further sections of
Do you use any machine translation software or service? the questionnaire we

investigated more in

detail how much these

= Iam currently using MT and other technologies

38% are adopted by

= | am currently not using MT, but

planning to use it in the future translators and the
| used it before, but do not use it reasons why they do or
anymore do not wuse them.
11% I donotuse MT and do not plantodo  Nachine translation

so in the future

(MT) systems were used
by 36% of respondents,
Figure 7. Use of machine translation while almost the same
number (38%) were not
using any MT and were not planning to use them in the future. A smaller percentage
(15%) did not reject this technology completely claiming that they were planning to use

it in the future, and 11% used it before but abandoned it afterwards (Figure 7).

Several questions in the survey aimed at identifying what translators thought about MT
services available online for general public. From all MT users, only 78 reported that they
did not use any free online MT system, which is mostly due to bad quality (67%) and
because they did not find it useful (35%). In addition, many respondents commented
that they were not
allowed to use MT due

High price
to the client’s o
Do not find it

requirements. This is a useful
common practice in the Bad quality

industry, as many clients  Too difficult to

are concerned about the implement
. o . Not familiar
confidentiality of their with any
Other
0% 10% 20% 30% 40% 50%

Figure 8. Reasons for not using stantalone installable
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documents and ask translators to sign an agreement on not using any online MT service.

There was a relatively small number of users who preferred working with installable MT
systems. Only about 13% of MT users reported having such software installed on their
computer. The most common obstacle for using installable MT was the lack of awareness
of such systems and also, but less commonly, their high price, bad quality of translation,
difficulty of implementation, or translators simply did not find them useful (Figure 8).
Among the comments regarding this question some interesting details were discovered,
such as that many respondents prefer to use the MT system integrated in their CAT tool,
and in case they do not have one, they prefer to resort to online MT services.

Finally, MT users were asked if they actually had an MT system integrated in their
translation software, and the answers are almost equally divided between “yes” (159),
“no” (160) and “l don’t know” (128).

It is not a surprise that, in comparison with automatic translation, translation memories
turned out to be much more popular. Specifically, about 76% of respondents claimed
that they used TM (Figure 9). Many of the TM users (73%)
said that they worked with TM by their own choice, while
about a half also said that it is requested by their client and
22% were requested to use TM by their employer. This
means that most of the TM users who have adopted this

Do you use TM systems?

technology do see its benefits and use it voluntarily for their
own profit.

The majority of participants (85%) have never worked with Figure 9. Use of TM systems.
textual corpora (Figure 10). About a half of all the
respondents who have worked with corpora (111) also reported that they compiled their
own corpora, and only 19 of them do it with the help of special software. Translators
who do not compile corpora mostly refuse to do so because it requires too much effort,
as was reported by 57%, 40% are satisfied with the publicly available corpora, and 34%
do not know about any technique for compiling corpora (Figure 11). A rather positive
finding is that only 15% thought that it was not a useful thing to do, which means that
most of the translators would create their own corpora if they had better methods and
tools available at hand. Among the 58 respondents who did compile their own corpora,
19 (about one third) resorted to some software

Have you ever worked with and 39 did it manually.
textual corpora?

No,
85%

Figure 10. Users working with



60% About a half (52%) of the translators

50% who participated in the survey used
40% .
a terminology management tool

30% . . . .
20% integrated in their translation
10% software, a slightly smaller number
0% _ ) - N of translators did not use any (42%),

publicly donotfind itistoo notfamiliar other

available it useful time/effort with and 0n|y 6% used a standalone

corpora are consuming compiling .

sufficient methods terminology  management  tool

Figure 11. Reasons for not compiling (Figure 12). Terminology extraction

(TE) tools, on the other hand, are much less ,
Do you use any terminology
adopted among professional translators, as 75% management tool?
did not use them at all, 21 % had a TE system
integrated within a CAT tool, and only 4% had a

standalone TE system. No
43%

Finally, the last type of tools investigated in the
questionnaire was the quality assurance (QA)
tools. They were reported to be used by 60% of

translators, of which 35% had it integrated in
their translation software, 11% had a standalone

Figure 12. The use of terminology management
QA tool, and 14% used both type of systems. 8 &Y 8

tools.
Type of tool Percentage of users Percentage of non-users
™ 76% 24%
MT 36% 64% (including 11% past users and 15%
future users)
Standalone 13% (of MT users) 87% (of MT users)
MT
Integrated 35.5% 35.5%
MT
Corpora 15% 85%
Corpora 17% (of all corpora 83% (of all corpora users)
tools users)
Terminology 58% 42%
management
tools
Terminology 25% 75%
extraction
tools
Quality 60% 40%
assurance

Table 3. Use of different types of technologies
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Table 3 puts together all the statistics collected regarding the usage of different types of
technologies. It is not a big surprise that TM systems are the most widely used type, and
it is rather remarkable that there is less need for machine translation than for
terminology management and QA tools.

7. Machine Translation: Practices and Attitudes

This section reveals some of the key findings on MT, the degree of satisfaction with
currently available systems and the ways they are incorporated in the translation
workflow.

Please, choose the FREE ONLINE MT systems that you use (if any)

Google Translate
Systran

Babylon

PROMT

Bing Translator
Yandex Translate
Apertium
WordLingo

IdiomaX

Lingenio

TRIDENT

SkyCode

Lucy LT Kwik Translator
OpenTrad
MyMemory

SDL FreeTranslation
GramTrans
Freetranslations.org
Excite

none

Other

0% 10%  20%  30%  40%  50%  60%  70%  80%
Figure 13. Use of free online MT systems

Figure 13 shows the free online machine translation systems used by the respondents.
Google Translate exceeds by far all the other MT systems with 73,3% of all MT users
having chosen Google Translate as their mostly used system.

However, when asked about the preferred MT system architecture, the many
participants surprisingly chose hybrid MT (17%), 12% replied with example-based MT,
only 10% chose statistical MT and rule-based accounted to 5%. The majority, however,
chose the “l don’t know” option. The reason for this might be that most of the
participants in the sample are not familiar with existing types of MT systems, but those
who are have better opinions about hybrid machine translation compared to other types
because they think that a rule-based component necessarily implies increased quality,
which is not always the case. In addition, some translators might think that a system

14



with any kind of linguistic analysis can be called hybrid, and therefore they chose the
‘hybrid’ option instead of ‘statistical’.

In order to find out how the quality of MT translation is perceived, MT users were asked
how much of correcting work they have to perform on an MT-translated text, or what
percentage of words in the MT output contain errors. The results (Figure 14) show that
most translators normally correct from 30 to 90% of their MT output, and the biggest
number of translators (30% of all MT users) correct 50 to 70% of the words in the text.

These numbers confirm the fact that MT quality is still being an issue for most
translators. Nevertheless, about 7% reported correcting less than 10% of MT output. In
the next steps of data analysis it will be interesting to investigate how these numbers are
related to the users’ specialisation domain (i.e. if low correcting rate is more common for
domains with higher repetition) and to their preferred MT system.

As for the motives for using

On average, how much of the MT-translated text do MT, 58% of users resort to
you usually have to correct? Choose the

approximate percentage of words that have errors. with the purpose of making a

draft translation for further
editing, 18% use MT to get

30% /t\ the gist of the text, and a
25% surprisingly  high  number
0% / \ (13%) expect to obtain high

/ \ quality translation (Figure
1% / \ 15). A significant number of
10%

/ 4 respondents indicated in the
5% comment field that they are
sometimes required to use

35%

0%

<10% 11-30% 31-50% 51-70% 71-90% >90%  MT by their employer or
Figure 14. The amount of MT output to be corrected agency.

It was of interest to us to find out about What is the main purpose of using MT for you?

attitudes towards advancements in machine

translation, since there is a common opinion Other
. . 12%
that professional translators perceive MT as a °

i i . high quality
threat for their role in the industry and a factor translation

leading to decrease of the average hourly rate. 13%
However, the result contradicts this idea. We
asked the participants if they thought they
could benefit from a high quality MT system (in
other words, an MT system that would
translate correctly almost everything), and

74% replied “yes” compared to 26% who were

Figure 15. Purpose of MT
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against high quality MT. Among the comments provided by respondents of this question
there are many positive ones, mostly mentioning “faster delivery”, “shorter
turnarounds”, “working time and effort saving”. The negative comments are mostly
based on two statements. First, “a machine can never be a human”, or in other words,
MT will never achieve the level of translation quality that would be able to replace
human translation, and it can only be a “translation support tool”. The other important
reason for being cautious about high quality MT, according to the comments, is that it
can jeopardize translators’ way of work, and “could lead to the end of human translation

in its traditional sense”, and even that “companies would stop hiring translators”.

Since the majority of translators in the sample still agree that MT systems could be
helpful for human translators, and many of them have already adopted MT as a part of
their working process, the future research should explore more thoroughly whether the
translators would agree to provide the data that they generate, for instance, during post-
editing, in order to improve the MT systems. Some of them could prefer not to share
their corrections with other translators. In addition to that, confidentiality issues may
arise in relation to post-edited data use.

Only 13% (59) of all MT users reported working with standalone installable MT software.
Most commonly, respondents were not familiar with any of such tools, but other also
mentioned high price, lack of usefulness, difficulty to implement, and bad quality of
translation (Figure 16).

Further we wanted to What is the reason why you do not use any
find out about the use installable standalone MT software?

of MT integrated in High price

translation software,
and 35% reported
having an MT feature
in their CAT tool,

while 29% did not

Do not find it useful
Bad quality
Too difficult to implement

Not familiar with any

have it. Surprisingly, a Other
big part of 0% 10% 20% 30% 40%  50%
respondents (36%) Figure 16. Reasons for not using standalone installable MT

said that they did not know whether there is an MT system integrated in their CAT tool
(Figure 17). This fact makes us assume that there are a number of users who are not
aware of MT integration in their software, which is, consequently, one of the factors
preventing them from adopting this technology in the most convenient and useful way.
It is also a potential way of improving the user attitudes towards MT technology: if the
users become more aware of this feature and start using it more actively, they will
understand the advantages and benefit it brings.
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Furthermore, in general, integration of
MT in translation software is perceived
as something useful only by about a half

Do any of your CAT tools have an
incorporated MT system?

of respondents (including both MT users
and non-users). On a scale from 0 to 5,
= No where 0 is “inconvenient” and 5 is
= ldon'tknow  “agsential”, the average score received
= Yes from respondents was 3.35, with 46%
viewing this feature as “useful”, and 10%

III

as “essentia

Figure 17. MT incorporated in CAT

8. Translation Memory: Working Practices and Offered Functionalities

The translation memory section of the questionnaire aimed specifically at identifying the
features which are perceived as the most useful and helpful, features that are rarely
used and even considered inconvenient, and at understanding how exactly TM software
is used by professional translators.

What TM system do you use the most?

SDL Trados
Wordfast
SDLX
MemoQ

Déja Vu
Omega-T
PASSOLO
STAR Transit
Alchemy CATALYST
MS LocStudio

Logoport

0% 10% 20% 30% 40% 50% 60% 70%
Figure 18. TM systems used by translators

Figure 18 shows the usage rate of different TM tools with SDL Trados leading by far with
65,6% of respondents. In addition, the results revealed that most translators like to work
simultaneously with more than one TM (61%), and for 42% it is normally their own TM
alongside with the TM provided by the client. Some translators, however, most

17



frequently work with only one TM, either their own, or the clients (18% and 17%
correspondingly), or they interchange between the two depending on the project (22%).

Just about a half of the TM users work with more than one TM software simultaneously,
of which 31% did it only rarely, while the other 19% prefer to do it more often. This
might be a sign that there is no such software on the market that could satisfy
everybody’s needs, and many professionals have to resort to various tools to be able to
take advantage of all the features they like.

Another technology-related topic

Do you share TM? widely discussed nowadays in the

No, but |
ould like
to

context of TM is TM sharing (a
specific survey on interoperability in
translation industry was conducted
by TAUS, 2011). In this relation 61%
reported that they were not sharing
TM, 26% were doing so, and 13%
were not sharing TM at that time, but
they would like to (Figure 19). In the
next question we asked whether
translators used publicly available TM
repositories, and 36% replied that
they did, 32% did not know about
this kind of resource, and the remaining 37% were aware of them but did not use them.

Figure 19. TM sharing

Another question related to TM practices was where translators store their TM
databases. The vast majority kept them on their computer (89%), quite a small number
of respondents (16%) stored their TM in the cloud, and only 15% on the company’s
server.

What tasks do you perform using TM software?
translation

terminology management

consistency check

terminology quality assessment
completeness check

terminology extraction

importing suppliers’ TMs

project management

translation resources exchange
comparing and merging projects
splitting TM databases to create project memories
checks for the client's proprietary needs

analysis for invoicing

other

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

Figure 20. Tasks performed with TM software



In order to find out more about the way TM software is used and establish possible
functionalities that might turn out useful for translators, we asked them what tasks they
performed with the help of their TM software. Apart from translation, it was, first of all,
consistency check (reported by 61% of respondents), import of TM (50%), terminology
management (48%), completeness check (43%), analysis for invoicing (40%), terminology
quality assessment (35%), terminology extraction (25%), among others. Figure 20
includes the full list of tasks carried out with the help of TM software and the
corresponding statistics.

Figure 21 illustrates how translators fill in their TMs. The most popular way to do so is
during the translation (72%), and by importing already existing the client’s TM (67,5%) or
the company’s TM (45%). Some translators also align legacy translations and their
originals, use parallel corpora, download publicly available TMs, among other methods.

How do you prefer to fill in your TM?

translating and filling up an empty TM I 71.7%
aligning legacy translations with their originals GGG 28.5%
importing the client’s TM I 67.5%
importing the company’s TM I 45.1%

downloading and aligning parallel texts from the Web | 15.5%

using external TMs on remote servers I 17.2%
downloading publicly available TMs | 15.3%

aligning ready-made parallel corpora I 16.6%

other W 2.1%

Figure 21. How translators fill in their TM

Another aspect of working with TM is that some tools only allow to edit text within the
software environment, while other tools, like Wordfast, have a word processor add-on
version that allows users to edit text inside their word processing software. It turned out
that 18% of translators prefer to be able to use their TM in the word processor, while the
majority (63%) like to work in their TM software and 21% did not have any preference.

In another question participants had to evaluate different functionalities of TM software.
They were given a list of functionalities that are contained in today’s tools, and had to
label them as ‘essential’, ‘useful’, ‘not so useful’, ‘not important’, or ‘inconvenient’. The
results of this question are illustrated in Figure 22. There is a number of features that are
considered essential by many users, such as integrated terminology management
system, possibility to save TM on your own PC, high working speed, simple interface and
smooth learning curve, support for a big number of document formats, and support for
formats originated from other TM software. In general, all of the mentioned features
were regarded as useful, while some of them, such as storing data in the cloud, web-
based version of the tool, or different OS versions seem less important for respondents.
Additionally, many users mentioned the auto-propagation feature, which allows to
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include translated segments of the text in the TM automatically while working on one
text so that they can be used later throughout the whole text.

Finally, the average time spent to learn the basics of a TM program accounted to 28
hours. A positive result is that the majority of respondents considered the advantages of
using TM software worth the time spent on training, with 72% saying that it was
“definitely worth it”, and 23% with “probably worth it”.

9. Textual Corpora and Related Tools

In the section about textual corpora we tried to find out what types of corpora are used
the most. Among the 110 translators who used corpora in their work, 48% preferred free
publicly available corpora, 45% used Web as a corpus, and 41% used online corpora of
web texts. Some respondents compiled their own ad hoc corpora (35%), 26% used
online corpora with concordancers, 22% compiled their own corpora for general
purposes (instead of creating a separate corpus for each project), and 8% used
commercial corpora (Figure 24).
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Another way of classifying corpora is with respect to their content (i.e. comparable or
non-comparable corpora) and languages (monolingual, bilingual, parallel). For instance,

Please, evaluate the degree of usefulness of the following functionalities, which might
be included in TM software

Possibility to view the whole text while translating [l

Construct fuzzy matches by combining words from the TM M Inconvenient

or termbank )
M Not important
Integrated terminology management system

Not so useful

Integrated MT system
Useful

Possibility to save TMs as a file on your PC B Essential

Supports unlimited number of languages at a time

Automatically fill in your TM database from parallel texts
available online

Adjustable segmentation settings
Automatic access to terminology resources
Possibility to store your data in the cloud
Automatic access to publicly available TMs

Real time quality check

Web-based version of the tool, which you can use directly in
your browser

High working speed

Simple and intuitive interface, easy to learn
Adjustable keyboard shortcuts

Work on different OS than Windows
Supports big number of document formats

Supports file formats from other CAT tools

Share TM

I ||

200 400 600
Figure 22. Preferred features of TM software
the most popular type turned out to be bilingual parallel corpora (collections of texts
and their translations into another language), which were used by 67%. Monolingual
corpora were used by 43% of total corpora users, and 40% reported using multilingual
parallel corpora. Comparable corpora (collections of texts on relates subjects) were used
only by 22% (Table 4). The fact that translators prefer parallel corpora to comparable
corpora is not a surprise. For translation, it is more practical to search a parallel corpora
available online and retrieve a sentence that contains a good translation for the source
segment. However, for restricted domains parallel corpora are often not available, and
translators do not have time and resources to build a parallel corpus from scratch. On
the other hand, comparable corpora are easier to compile, and they are useful for
translators, but they have not adopted this practice, as has been pointed out in one of
the previous sections, mostly because they do not think that the time and effort spent



on compilation will pay off. Therefore, simple, fast, and easy to use tools for compiling
comparable corpora can be a solution. However, there does not exist a tool on the
market that fits these requirements (Costa et al., 2014).

You compile your own corpora
normally from:

your own
documen
ts
40%

Figure 23. Texts that translators use to compile corpora

In addition, we asked what kind of texts translators normally use to compile corpora
(Figure 23) and most of them (44%) appear to combine their own documents with
documents from the Web and 40% only use their own documents.

What type of corpora do you prefer? In order to find out which

free of charge publicly available features are the best to be
subscription or payment included in such tool for
commercial compiling corpora we

on-line corpora of web texts asked respondents to

on-line corpora with concordancers
evaluate some features as

your own ad hoc corpora

essential, useful, not so
your own general purpose corpora

Web as a corpus useful, not important, or

inconvenient (Figure 25).
0% 10% 20% 30% 40% 50%

Only 29 translators replied
Figure 24. Prefered types of corpora . .

to this question (due to
the small total number of respondents who did compile corpora), of which 20 consider
concordance an essential functionality in this type of tools. Indeed, being able to search
words in context is the main purpose of using corpora for translators, especially it is so
for comparable corpora, where they do not have direct translations which they can use
without considering the context of the searched word or segment. Other features that
were mostly considered useful or essential were simple interface, possibility to manage
corpora, i.e. explore, delete, and rearrange documents into different corpora, and also to
reuse old documents when building a new corpus, as well as automatic retrieval of Web
documents. Part-of-speech tagging appeared to be less important, as it received the
lowest ‘essential’ rate and the highest ‘not so useful’ rate. POS-tagging and terminology

extraction were the only options that were inconvenient to one user.
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bilingual parallel

66,7%
corpora
monolingual

43,2%
corpora
multilingual

39,6%
parallel corpora
comparable

21,6%
corpora

Table 4. Types of corpora translators use.

Other interesting features that respondents mentioned in the comment field were
“language recognition feature for false entries”, “self-zip and extraction ability for PC

storage”, “side notes, margins or highlighting for certain words or phrases”.

Please, evaluate the degree of usefulness of the following
features and functionalities, which might be included in a tool
for compiling corpora.

25
20
15
10
5 I I I
0 | | . . | | . .
Simple Retrieve Manage Concordance Terminology Reuse POS tagging
interface documents corpora extraction  documents
from the Web when building

new corpora
Inconvenient M Notimportant B Not so useful Useful M Essential

Figure 25. What features are useful in a corpora compilation tool?

10. Conclusions

In this report we discussed the key findings of the descriptive analysis of the data
collected as a result of a survey for professional translators that intended to investigate
their requirements to translation technologies. We focused on various characteristics of
the user profile, how many of the respondents use such technologies as machine
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translation, translation memories, textual corpora and tools for building corpora,
terminology extraction and management tools, quality assurance systems.

Most of the respondents were experiences freelance translators and had a university
degree or some training in translation and a considerable number additionally had
training in IT, which shows their high interest in technology.

Already after this first stage of data analysis it is possible to make some suggestions
about the kind of tools professional translators actually need. The majority of translators
used TM, which is no surprise as it is a common industry practice nowadays. The most
important characteristics that a TM system should have, according to the respondents,
are high working speed, simple interface and smooth learning curve, support for a big
number of document formats including formats from other TM software, integrated
terminology management system, possibility to save TM on their own PC, automatic
consistency and completeness check (and quality assurance in general), and analysis for
invoicing. Another feature that was mentioned by respondents was auto-propagation,
which is included in the new versions of many popular TM systems. On the contrary,
sharing and using open online TM repositories is still not very common as the users do
not see any benefits from sharing.

Most of respondents remained reluctant to use machine translation mainly due to low
quality and to confidentiality requirements imposed by their clients. Disregarding the
quality issue, MT users still expressed positive attitude towards this technology arguing
that it leads to faster delivery. Furthermore, the majority thought that they could benefit
from high quality machine translation that would have almost 100% accuracy, which
shows the quality issue is the main obstacle which prevents MT developers from
reaching a wider population of users. One of the potential solutions to be investigated is
implementing various techniques for user feedback collection from interaction between
the user and the MT system.

Very few translators worked with corpora and even fewer compiled their own corpora
using compiling software, as they found it too time consuming and were not familiar
with any special tools that could make the task easier for them. It makes us assume that
having an easy-to-use program for compiling and managing parallel and comparable
corpora can turn out useful for translators and help include corpora in their workflow.

In the following steps of date analysis, it is planned to correlate different variables in
order to discover possible underlying dependencies and relations in the collected data.
For instance, we aim to answer the following questions: How do the working languages
influence the use of technology? Are there gaps in the use of technologies with
resource-poor languages? Are there countries where some technologies are less
adopted? How do users get to know about various technologies? Is there a connection
between computer training and higher usage rates? What is the relation between
domain of specialisation and use of different types of tools?
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After that we will proceed to the qualitative data analysis that will consist in gathering,
structuring and analyzing the information from respondents’ comments and open-ended
questions.
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